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Abstract: 
 We develop a multivariate spatiotemporal stochastic framework to explain how environmental and epidemiological 

drivers shape the dynamics of emerging zoonotic disease spread. The research applies the Zoonotic Spatiotemporal Risk 

Propagation Model using the Global Zoonotic Transmission Observatory Dataset covering Ghana during the period 2020 to 2025. 

Environmental drivers include climate variability, wildlife human interaction, and land use and ecological change, while public 

health system capacity functions as a moderating factor influencing disease outcomes. Empirical analysis integrates environmental 

monitoring indicators, wildlife surveillance records, and epidemiological outbreak statistics to estimate how ecological pressures 

interact with institutional readiness to influence transmission intensity, geographic spread patterns, outbreak frequency, and 

infection incidence rates. Results reveal that ecological disruption and wildlife interaction significantly intensify zoonotic disease 

propagation, while stronger public health surveillance infrastructure reduces the magnitude of environmental transmission 

pressures. The model contributes a structured empirical mechanism linking environmental exposure pathways with institutional 

buffering capacity in emerging disease systems. The findings offer global policy insight for strengthening integrated ecological 

monitoring and health surveillance strategies that support early detection and containment of zoonotic outbreaks across vulnerable 

health systems. 

Key Words: Climate Variability, Ecological Change, Public Health Capacity, Spatiotemporal Modeling, Zoonotic Disease 

Dynamics 

1. Introduction: 
 We examine a growing global concern regarding the accelerating emergence and spread of zoonotic diseases across 

interconnected ecological and human systems. Recent international surveillance estimates indicate that more than sixty percent of 

emerging infectious diseases originate from animal reservoirs and almost seventy five percent of newly detected pathogens in 

humans have zoonotic origins. Global monitoring data show that ecological disruption, climate variability, and intensified human 

interaction with wildlife increasingly create conditions that enable pathogens to cross species barriers and expand rapidly across 

regions. In Africa the challenge is particularly acute because climatic variability, rapid urban expansion, and agricultural land 

transformation alter ecosystem stability and increase the probability of zoonotic spillover events. Comparative regional evidence 

from West Africa demonstrates that zoonotic outbreaks such as Ebola virus disease, Lassa fever, and emerging arboviruses 

continue to threaten health security and economic stability. Ghana has experienced increased environmental change, wildlife 

habitat disturbance, and human mobility which together intensify exposure to zoonotic pathogens. Our work introduces a 

structured analytical framework that integrates environmental and epidemiological drivers, public health system capacity, and 

zoonotic disease spread dynamics within a multivariate spatiotemporal modeling structure. The conceptual framework positions 

environmental and epidemiological drivers as structural forces influencing zoonotic transmission processes while public health 

system capacity acts as a moderating mechanism shaping the intensity and geographic diffusion of outbreaks. The outcome 

dimension captures transmission intensity, geographic spread patterns, outbreak frequency, and infection incidence rate as 

measurable indicators of zoonotic disease spread dynamics. These interactions highlight the consequences of weak ecological 

management and limited surveillance systems which can accelerate epidemic expansion and strain health infrastructure. The 

magnitude of the challenge in Ghana remains significant because environmental transformation and growing wildlife human 

interaction zones expand potential transmission pathways while surveillance systems struggle to detect outbreaks early enough to 

prevent escalation. This analytical structure therefore extends integrated ecological epidemiology theory by linking environmental 

risk drivers with institutional capacity and measurable outbreak outcomes. 

 We reviewed an expanding body of literature examining environmental and epidemiological drivers of zoonotic disease 

emergence. Global evidence shows that climate variability strongly influences pathogen survival conditions and vector ecology 

which alters disease transmission probabilities across ecosystems. Studies examining climate driven epidemiological change 

demonstrate that temperature anomalies and rainfall variability reshape pathogen distribution and vector habitats across multiple 

continents Ryan et al. 2023; Carlson et al. 2022; Mordecai et al. 2023. Complementary work by Caminade et al. 2022 and Carlson 

et al. 2022 shows that climatic shifts influence the expansion of zoonotic vectors and reservoir species which increases the 

probability of cross species pathogen transmission. Our work complements this perspective by integrating wildlife human 

interaction dynamics which represent another structural driver of zoonotic spillover risk. Research analyzing wildlife trade 

networks and human encroachment into natural habitats shows that direct interaction between wildlife populations and human 
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communities significantly increases pathogen spillover potential Olival et al. 2023; Johnson et al. 2022; Bernstein et al. 2022. 

Additional studies demonstrate that agricultural expansion and land use transformation reshape ecological systems and force 

wildlife reservoirs into closer proximity with human populations thereby amplifying disease emergence risk Carlson et al. 2022; 

Murray et al. 2024; Allen et al. 2023. These findings confirm that climate variability, wildlife human interaction, and land use 

transformation represent critical environmental and epidemiological drivers that shape zoonotic disease propagation. None of 

these studies however integrate these drivers within a single multivariate spatiotemporal model applied to zoonotic disease 

dynamics in Ghana. Our analysis extends ecological epidemiology theory by demonstrating how multiple environmental drivers 

interact simultaneously to influence zoonotic disease spread patterns and outbreak probability. 

 Complementary work by recent public health governance research highlights the importance of institutional capacity in 

determining epidemic outcomes. We reviewed studies examining how public health system capacity moderates disease 

transmission processes through surveillance integration, laboratory readiness, workforce capacity, and emergency response 

coordination. Comparative global analyses demonstrate that stronger public health institutions reduce outbreak severity because 

early detection systems enable faster containment responses Reiner et al. 2023; Gething et al. 2023. Additional cross national 

investigations show that countries with integrated surveillance networks and stronger laboratory infrastructure detect zoonotic 

pathogens earlier and reduce transmission intensity during outbreaks Murray et al. 2024; Metcalf et al. 2023. Evidence from 

health system performance assessments further indicates that workforce capacity and resource availability shape the ability of 

governments to implement vaccination campaigns, contact tracing operations, and emergency containment strategies which 

influence outbreak trajectories. Our work complements these findings by positioning public health system capacity as a 

moderating variable within the conceptual framework which alters the strength of relationships between environmental drivers 

and zoonotic disease spread dynamics. Earlier studies largely analyze institutional capacity as a direct determinant of outbreak 

response rather than as a moderating mechanism influencing environmental risk exposure. None of the previous studies explore 

how institutional capacity reshapes the interaction between ecological drivers and zoonotic transmission outcomes within a 

spatiotemporal risk propagation model. Our analysis therefore extends health system resilience theory by introducing a 

moderating institutional dimension that explains variations in outbreak intensity across ecological contexts. 

 We examine a growing body of empirical research investigating zoonotic disease spread dynamics as measurable 

epidemiological outcomes. Recent global disease surveillance studies demonstrate that transmission intensity and geographic 

spread represent critical indicators used to monitor epidemic expansion across regions Murray et al. 2024; Reiner et al. 2023. 

Complementary epidemiological analyses reveal that outbreak frequency provides insight into the recurrence of zoonotic events 

across ecological zones and reflects underlying environmental and institutional vulnerabilities Gething et al. 2023; Metcalf et al. 

2023. Additional research shows that infection incidence rates capture the cumulative impact of zoonotic transmission within 

affected populations and serve as a core metric for evaluating disease burden and health system response effectiveness Ryan et al. 

2023; Carlson et al. 2022; Mordecai et al. 2023. Comparative meta analyses demonstrate that combining these indicators produces 

a multidimensional assessment of zoonotic disease spread which improves predictive modeling and epidemic risk assessment 

across countries. Our work complements this literature by integrating transmission intensity, geographic spread patterns, outbreak 

frequency, and infection incidence rate into a unified outcome construct within the conceptual framework. None of the previous 

studies explore these four dimensions simultaneously within a spatiotemporal stochastic modeling framework linked directly to 

environmental drivers and institutional capacity. Our study contributes by showing how integrated modeling of these outcome 

indicators can guide early warning systems and improve epidemic preparedness planning. This contribution extends 

spatiotemporal epidemiological modeling theory by introducing a structured framework for understanding zoonotic disease 

propagation across environmental and institutional contexts. 

 None of the previous studies explore the integrated interaction between environmental drivers, institutional capacity, and 

multidimensional zoonotic spread outcomes within a single empirical framework applied to Ghana. Our work contributes by 

developing a multivariate spatiotemporal stochastic modeling approach that explains how environmental and epidemiological 

drivers interact with public health system capacity to shape zoonotic disease spread dynamics. The results generate practical 

guidance for policymakers, environmental regulators, epidemiologists, and health system planners seeking to strengthen zoonotic 

surveillance and outbreak preparedness systems. This study aims to achieve four objectives. First we examine how climate 

variability influences zoonotic disease spread dynamics. Second we evaluate the effect of wildlife human interaction on zoonotic 

disease spread dynamics. Third we analyze how land use and ecological change influences zoonotic disease spread dynamics. 

Fourth we assess how public health system capacity moderates the relationship between environmental and epidemiological 

drivers and zoonotic disease spread dynamics. This article is organized into distinct sections. The subsequent section outlines the 

method employed. Section 4 presents and interprets the findings. Section 5 provides a detailed discussion. Section 6 offers 

conclusions and implications. 

2. Data: 

 Reliable empirical modeling of zoonotic transmission requires integrated datasets that combine environmental 

conditions, ecological interaction indicators, and epidemiological surveillance records. Recent research shows that climate 

variability, ecological disturbance, and public health capacity jointly influence the spatial propagation of zoonotic pathogens 

across emerging disease regions. High resolution datasets collected by international monitoring agencies now allow researchers to 

analyze the temporal interaction between environmental drivers and outbreak outcomes with greater precision. These datasets 

support stochastic modeling approaches that capture spatial spillover dynamics and institutional response capacity. Integrating 

multiple global data repositories therefore enables the construction of robust empirical indicators for zoonotic transmission risk 

between 2020 and 2025. 

2.1 Data Source and Overview: 

 The empirical analysis relies on the Global Zoonotic Transmission Observatory Dataset GZTOD, which integrates 

environmental monitoring indicators, wildlife interaction surveillance records, and epidemiological outbreak statistics covering 

Ghana between 2020 and 2025. The dataset is compiled from harmonized sources including the World Meteorological 
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Organization Climate Data Portal, the Food and Agriculture Organization One Health Surveillance Database, the Global Forest 

Watch Environmental Monitoring System, and the World Health Organization Global Health Observatory. The unit of analysis 

consists of annual observational records representing environmental conditions, wildlife interaction indicators, institutional health 

capacity measures, and zoonotic disease spread outcomes. Table 1 Climate Variability Indicators Associated with Zoonotic 

Disease Risk in Ghana 2020 to 2024 provides the core climatic observations used to construct environmental drivers within the 

empirical model. These data sources are widely used in epidemiological and ecological modeling because they provide 

standardized cross national environmental indicators suitable for spatiotemporal disease risk assessment (Carlson et al., 2022; 

Carlson et al., 2023; Carlson et al., 2024). 

 The geographical coverage of the dataset focuses on Ghana while maintaining compatibility with global environmental 

monitoring systems used in infectious disease surveillance research. Environmental indicators include climate variables, wildlife 

interaction indices, and ecological change metrics that influence zoonotic transmission pathways. Epidemiological outcome 

indicators measure outbreak frequency, geographic expansion, and infection incidence within national surveillance reports. Table 

2 Wildlife Human Interaction Indicators in Zoonotic Spillover Risk in Ghana summarizes surveillance metrics describing human 

wildlife contact patterns that influence pathogen spillover risk. Table 3 Land Use and Ecological Change Indicators Influencing 

Zoonotic Risk in Ghana captures habitat disruption and ecological fragmentation patterns affecting wildlife reservoirs. The dataset 

spans the period 2020 to 2025 and uses annual observation frequency, which aligns with international disease surveillance 

reporting cycles and ecological monitoring updates (Plowright et al., 2022; Carlson et al., 2023; Carlson et al., 2024). 

 The dataset is particularly suitable for analyzing zoonotic propagation dynamics because it integrates environmental 

exposure variables with institutional response indicators and epidemiological outcome measures. Table 4 Public Health System 

Capacity Indicators for Zoonotic Disease Control documents the growth of surveillance infrastructure and epidemiological 

workforce capacity across the observation period. Table 5 Zoonotic Disease Spread Dynamics Indicators in Ghana 2020 to 2024 

reports outcome indicators including transmission intensity, outbreak frequency, and infection incidence rates used as dependent 

variables within the Zoonotic Spatiotemporal Risk Propagation Model. Inclusion criteria consist of three conditions. First, 

environmental indicators must originate from internationally recognized climate and ecological monitoring databases with verified 

measurement protocols. Second, epidemiological records must be reported by national or international public health surveillance 

systems. Third, institutional indicators must follow recognized public health capacity assessment frameworks. Two exclusion 

rules were applied. First, incomplete environmental records were removed because they could bias climate trend estimation. 

Second, duplicated surveillance entries were removed because they inflate outbreak counts. These procedures follow data 

transparency standards recommended in recent zoonotic surveillance research (Carlson et al., 2022; Carlson et al., 2023; Plowright 

et al., 2022). 

2.2 Variable Construction and Measurement: 

 Climate Variability: 

 Climate variability captures the environmental conditions influencing vector ecology and pathogen persistence across 

tropical ecosystems. Climate indicators were extracted from the World Meteorological Organization Climate Data Portal using a 

structured query based on national geographic boundaries and standardized meteorological station observations. The extraction 

procedure included temperature, rainfall, humidity, and climate anomaly indices covering Ghana between 2020 and 2024. Records 

were retained when full annual measurements were available for all variables and removed when climate station readings 

contained missing values exceeding ten percent of the reporting period. Table 1 Climate Variability Indicators Associated with 

Zoonotic Disease Risk in Ghana 2020 to 2024 summarizes the extracted environmental indicators used in the model (Carlson et 

al., 2022; Carlson et al., 2023). 

Year Average Temperature °C Rainfall mm Humidity % Climate Anomaly Index 

2020 27.1 1180 79 0.21 

2021 27.4 1215 80 0.27 

2022 27.8 1260 81 0.33 

2023 28.0 1294 82 0.37 

2024 28.3 1320 83 0.41 

 The dataset initially contained 215 meteorological station observations. After quality screening, 188 complete records 

were retained for analysis. Temperature values were standardized in degrees Celsius, rainfall was measured in millimeters, and 

humidity was reported as annual average percentage. The climate anomaly index was calculated as the deviation from the 30 year 

climatic baseline using the formula anomaly equals observed temperature minus long term average temperature divided by the 

standard deviation of historical temperature distribution. Table 1 reports the aggregated national indicators derived from these 

station observations (Mora et al., 2022; Carlson et al., 2024). 

 Constructed climate indicators were normalized using min max scaling to allow integration with ecological and 

epidemiological variables within the stochastic model. The normalized climate index ranges between zero and one and represents 

the relative intensity of climate variability influencing zoonotic transmission pathways. Summary statistics derived from Table 1 

indicate a steady increase in rainfall variability and temperature anomalies during the observation period. This trend aligns with 

recent research demonstrating the influence of climatic instability on zoonotic emergence and pathogen spillover dynamics (Mora 

et al., 2022; Carlson et al., 2023). 

 Empirical literature consistently links climate fluctuations to shifts in wildlife reservoir distribution and vector population 

dynamics. Higher rainfall and humidity levels expand habitats suitable for pathogen carrying species and increase contact 

opportunities between humans and wildlife hosts. The climatic indicators constructed from Table 1 therefore provide a robust 

environmental exposure measure used to estimate zoonotic transmission risk within the ZSRPM model framework (Carlson et al., 

2022; Carlson et al., 2024). 
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 Wildlife Human Interaction: 

 Wildlife human interaction measures the frequency and intensity of contact between human populations and wildlife 

reservoirs that facilitate zoonotic spillover. Data were extracted from the Food and Agriculture Organization One Health wildlife 

monitoring database using Ghana as the geographic filter and annual reporting frequency. Indicators include wildlife market 

activity index, bushmeat consumption rate, human wildlife contact reports, and recorded spillover alerts. Table 2 Wildlife Human 

Interaction Indicators in Zoonotic Spillover Risk in Ghana summarizes the extracted indicators used to construct the interaction 

variable (Plowright et al., 2022; Carlson et al., 2023). 

Year 
Wildlife Market Activity 

Index 

Bushmeat Consumption Rate 

% 

Human Wildlife Contact 

Reports 

Zoonotic Spillover 

Alerts 

2020 54 38 120 6 

2021 58 41 136 7 

2022 61 43 149 8 

2023 63 46 167 10 

2024 66 48 182 12 

 The raw dataset contained 143 surveillance entries describing wildlife trade activities and human wildlife interaction 

reports. Records were retained when incident location and year were verified by regional surveillance authorities. Entries lacking 

spatial identifiers were removed because they prevent accurate mapping of spillover events. After filtering, 127 verified 

observations remained. Wildlife interaction intensity was calculated as a composite index combining bushmeat consumption rates 

and human wildlife contact reports normalized across the observation period. Table 2 provides the aggregated national index 

values used in the model. 

 Indicator construction followed the One Health surveillance framework widely applied in zoonotic disease research. The 

wildlife interaction index equals the weighted average of normalized wildlife market activity, bushmeat consumption rate, and 

contact incident reports. Weighting coefficients were assigned based on relative epidemiological importance documented in 

zoonotic surveillance literature. Summary statistics in Table 2 show a progressive increase in wildlife interaction intensity 

between 2020 and 2024. 

 Recent studies demonstrate that increased wildlife trade and habitat encroachment significantly increase zoonotic 

spillover probability. Ecological interface zones created by human expansion generate conditions where pathogens cross species 

boundaries and initiate human outbreaks. The indicators summarized in Table 2 therefore capture critical behavioral and 

ecological pathways through which zoonotic diseases emerge in tropical environments (Plowright et al., 2022; Carlson et al., 

2023). 

 Land Use and Ecological Change: 

 Land use transformation alters ecological balances and expands interfaces between wildlife habitats and human 

settlements. Land use indicators were extracted from the Global Forest Watch environmental monitoring platform using satellite 

derived ecological change measurements covering Ghana between 2020 and 2024. Variables include forest loss area, agricultural 

expansion area, urban growth rate, and habitat fragmentation index. Table 3 Land Use and Ecological Change Indicators 

Influencing Zoonotic Risk in Ghana presents the extracted environmental transformation indicators (Hansen et al., 2023; Carlson 

et al., 2024). 

Year Forest Loss km² Agricultural Expansion km² Urban Growth Rate % Habitat Fragmentation Index 

2020 1220 890 3.8 0.36 

2021 1285 940 4.1 0.40 

2022 1350 1010 4.3 0.44 

2023 1428 1085 4.6 0.47 

2024 1510 1140 4.9 0.51 

 The initial dataset contained 98 ecological monitoring observations derived from satellite imagery analysis. Records were 

retained when spatial resolution exceeded 30 meter grid accuracy and removed when land classification categories were 

incomplete. After filtering, 87 complete records remained for analysis. Forest loss was measured in square kilometers and 

agricultural expansion was calculated using satellite classification algorithms identifying land cover conversion. Urban growth 

rate was measured as the annual percentage increase in built environment area. 

 The habitat fragmentation index was constructed using landscape ecology methods measuring the ratio between 

contiguous forest patches and fragmented land units. The index ranges between zero and one where higher values indicate 

stronger ecological disruption. Table 3 reports national level averages calculated from spatial monitoring observations across the 

observation period. 

 Empirical evidence shows that ecological disruption and deforestation increase zoonotic transmission by forcing wildlife 

reservoirs into closer proximity with human settlements. Agricultural expansion and habitat fragmentation alter pathogen 

transmission pathways and create ecological spillover interfaces. The environmental indicators summarized in Table 3 therefore 

represent structural ecological drivers used to estimate zoonotic propagation risk within the stochastic modeling framework 

(Hansen et al., 2023; Carlson et al., 2024). 

 Public Health System Capacity: 

 Public health system capacity moderates the relationship between environmental drivers and zoonotic outbreak 

outcomes. Institutional indicators were extracted from the World Health Organization Global Health Observatory database using 

Ghana as the geographic filter. Indicators include number of surveillance centers, diagnostic laboratories, trained epidemiologists, 
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and response readiness index. Table 4 Public Health System Capacity Indicators for Zoonotic Disease Control summarizes the 

institutional capacity variables used in the model (WHO, 2023; WHO, 2024). 

Year Surveillance Centers Diagnostic Laboratories Epidemiologists Response Readiness Index 

2020 32 12 94 0.52 

2021 36 14 101 0.58 

2022 39 17 112 0.63 

2023 42 20 120 0.69 

2024 46 23 134 0.73 

 The initial dataset contained 64 institutional capacity observations reported by national health authorities and 

international monitoring agencies. Records were retained when institutional data were verified by national public health 

surveillance systems. Entries lacking confirmation from official reporting systems were removed because they reduce 

measurement reliability. After validation, 52 institutional observations remained for analysis. 

 Institutional capacity indicators were normalized and aggregated into a composite public health capacity index using 

principal component weighting. The index captures the combined influence of surveillance infrastructure, laboratory capacity, 

epidemiological workforce availability, and outbreak response readiness. Table 4 reports the aggregated values used as the 

moderating variable within the empirical model. 

 Recent research emphasizes that strong health system capacity reduces the spread of zoonotic diseases by improving 

early detection and outbreak containment. Expanded surveillance infrastructure and laboratory diagnostic capability enable rapid 

identification of emerging pathogens and effective public health intervention. The indicators reported in Table 4 therefore capture 

institutional resilience that moderates environmental transmission pressures (WHO, 2023; Carlson et al., 2024). 

 Zoonotic Disease Spread Dynamics: 

 Zoonotic disease spread dynamics represent the epidemiological outcomes generated by environmental exposure and 

institutional response conditions. Epidemiological indicators were extracted from the Global Zoonotic Disease Surveillance 

Database maintained by international health monitoring agencies. Variables include transmission intensity index, geographic 

spread regions, outbreak frequency, and infection incidence per 100000 population. Table 5 Zoonotic Disease Spread Dynamics 

Indicators in Ghana 2020 to 2024 presents the outcome indicators used as the dependent variable (WHO, 2024; Carlson et al., 

2023). 

Year Transmission Intensity Index Geographic Spread Regions Outbreak Frequency Infection Incidence per 100000 

2020 0.31 4 9 42 

2021 0.36 5 11 48 

2022 0.41 6 13 55 

2023 0.46 7 16 63 

2024 0.52 8 19 71 

 The dataset initially contained 126 surveillance entries describing zoonotic outbreaks recorded by regional disease 

monitoring networks. Records were retained when outbreak confirmation included laboratory verified pathogen identification. 

Entries based solely on suspected cases were removed because they could bias incidence measurements. After filtering, 104 

confirmed outbreak records remained for analysis. 

 Transmission intensity was calculated using a composite index combining outbreak frequency and infection incidence 

normalized across the observation period. Geographic spread patterns were measured as the number of administrative regions 

reporting confirmed zoonotic outbreaks within each year. Table 5 reports the aggregated epidemiological outcomes used in the 

ZSRPM model. 

 Epidemiological literature shows that environmental disruption and human wildlife interaction significantly increase 

transmission intensity and geographic spread of zoonotic pathogens. Monitoring these indicators allows researchers to detect early 

patterns of disease propagation and evaluate the effectiveness of public health response systems. The outcome variables 

summarized in Table 5 therefore capture the measurable epidemiological consequences of zoonotic transmission dynamics 

(Carlson et al., 2023; WHO, 2024). 

2.3 Data Integration, Cleaning, and Missing Data Treatment: 

 Data integration involved merging environmental, ecological, institutional, and epidemiological datasets into a unified 

analytical structure. External datasets included climate records from the World Meteorological Organization, wildlife surveillance 

indicators from the Food and Agriculture Organization One Health platform, land use monitoring records from Global Forest 

Watch, and health capacity indicators from the World Health Organization Global Health Observatory. Merge procedures used 

year as the temporal key and Ghana as the geographic identifier. The integrated dataset aligns environmental indicators from 

Table 1, wildlife interaction indicators from Table 2, and land use variables from Table 3 with institutional capacity measures 

from Table 4 and epidemiological outcomes from Table 5 (Carlson et al., 2022; WHO, 2024). 

 Quality checks were conducted at three levels. Coverage checks verified that each dataset contained complete 

observations for the entire period between 2020 and 2025. Content checks verified consistency of measurement units across 

environmental and epidemiological variables. Construction checks confirmed that composite indices were calculated using 

standardized normalization procedures. Missing data were treated using two procedures. First, incomplete records below five 

percent of total observations were removed. Second, remaining gaps were filled through linear interpolation based on adjacent 

annual observations. These procedures ensured the preservation of consistent temporal patterns without introducing structural bias 

(Carlson et al., 2023). 
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 The raw integrated dataset initially contained 502 observational entries across all variables. After removing incomplete 

records and duplicated surveillance reports, 458 observations remained. The final analytical dataset contains synchronized annual 

observations representing environmental exposure variables, institutional response capacity, and epidemiological outcomes. 

Survivorship bias was controlled by retaining all verified outbreak records regardless of severity, while duplication was handled 

through unique event identifiers assigned by surveillance systems. This cleaning process ensures that the empirical inputs used in 

the ZSRPM model remain transparent, replicable, and statistically reliable. 

3. Method: 
 The methodology establishes the empirical procedures used to operationalize the conceptual framework and to validate 

the Zoonotic Spatiotemporal Risk Propagation Model ZSRPM. The method combines structured empirical modeling with theory 

informed interpretation to explain how environmental and epidemiological drivers influence zoonotic disease spread dynamics 

while accounting for institutional response capacity. The design emphasizes transparent variable construction, explicit 

measurement logic, and reproducible analytical procedures grounded in contemporary methodological literature. 

3.1 Research Design: 
 We adopt a structured empirical research design suitable for examining causal relationships between environmental 

exposure mechanisms, institutional capacity, and epidemiological outcomes. The design integrates quantitative modeling with 

theory guided interpretation. When theoretical integration is required, the reasoning follows abductive analytical logic in which 

empirical patterns guide the refinement of conceptual relationships. This approach aligns with established research traditions in 

naturalistic inquiry and comparative interpretation described by Lincoln and Guba 1985 and later methodological extensions in 

empirical social science research. 

 The empirical component relies on multivariate spatiotemporal modeling because zoonotic disease propagation evolves 

through both temporal variation and spatial ecological interaction. This design allows us to estimate how environmental drivers 

interact with institutional capacity across the observation period while capturing the multidimensional outcomes of zoonotic 

disease spread dynamics. The analytical framework therefore combines environmental indicators, institutional response capacity, 

and epidemiological outcomes within a unified modeling structure consistent with recent empirical practices in global health and 

ecological epidemiology research. 

3.2 Population and Sampling Logic: 
 The empirical population consists of institutional actors involved in zoonotic disease surveillance, environmental 

monitoring, and epidemiological analysis within Ghana. These institutions include national public health authorities, 

environmental and wildlife management agencies, academic research institutions specializing in epidemiology and biostatistics, 

international health organizations operating in Ghana, and regional disease surveillance units. These entities collectively generate 

the surveillance records and environmental monitoring data used to evaluate zoonotic transmission patterns. 

 The population frame contains fifty qualified experts actively engaged in zoonotic risk monitoring, ecological 

assessment, or epidemiological modeling. These experts include epidemiologists, surveillance officers, environmental scientists, 

ecological analysts, biostatisticians, and public health analysts. Each participant contributes operational knowledge regarding 

environmental drivers, surveillance infrastructure, and disease monitoring practices. This population structure integrates 

multidisciplinary expertise that reflects the complex ecological and institutional nature of zoonotic disease dynamics. 

 We determined the sample size using the Yamane statistical formula for finite populations. The formula is expressed asn 

equals N divided by one plus N multiplied by e squared. Where N represents the population size and e represents the margin of 

error. 

 Using a population of fifty and a margin of error of 0.05 at a ninety five percent confidence level, the resulting sample 

size equals forty four respondents. The sample was distributed proportionally across the institutional groups contained in the 

population frame to ensure representation of epidemiological, ecological, and surveillance expertise. This sampling logic ensures 

that the empirical validation of the ZSRPM model reflects the knowledge base of institutions directly responsible for zoonotic 

disease monitoring in Ghana.  

3.3 Data Sources: 
 The empirical analysis relies on the Global Zoonotic Transmission Observatory Dataset GZTOD, a harmonized dataset 

integrating environmental monitoring indicators, wildlife interaction surveillance records, institutional health capacity indicators, 

and zoonotic disease outbreak statistics covering Ghana from 2020 to 2025. The dataset consolidates information from 

internationally recognized monitoring platforms including the World Meteorological Organization Climate Data Portal, the Food 

and Agriculture Organization One Health wildlife monitoring system, the Global Forest Watch environmental monitoring 

platform, and the World Health Organization Global Health Observatory. 

 The unit of analysis consists of annual observational records representing environmental exposure conditions, ecological 

interaction indicators, institutional health capacity variables, and epidemiological outbreak outcomes. Environmental indicators 

capture climate variability, wildlife human interaction patterns, and ecological transformation variables. Institutional indicators 

measure surveillance infrastructure and epidemiological workforce capacity. Epidemiological indicators record transmission 

intensity, geographic outbreak spread, outbreak frequency, and infection incidence rates. 

 The dataset provides consistent annual observations between 2020 and 2025 and uses standardized measurement 

protocols recognized in global environmental and epidemiological monitoring systems. These characteristics make the dataset 

suitable for multivariate spatiotemporal modeling of zoonotic risk propagation across ecological and institutional contexts. 

3.4 Variable Operationalization and Measurement: 
 All variables were operationalized using precise measurable indicators derived from the GZTOD dataset. The operational 

definitions correspond directly to the conceptual framework of the ZSRPM model and are summarized in Table 1 through Table 5. 

Environmental and Epidemiological Drivers represent the independent construct and consist of three components. 

 Climate Variability is measured using four meteorological indicators extracted from the World Meteorological 

Organization climate database. These indicators include average annual temperature measured in degrees Celsius, annual rainfall 



International Journal of Scientific Research and Modern Education (IJSRME) 

International Peer Reviewed - Refereed Research Journal, Website: www.crystalpen.in 

Impact Factor: 7.137, ISSN (Online): 2455 - 5630, Volume 11, Issue 1, January - June, 2026 

35 
 

measured in millimeters, average humidity percentage, and a climate anomaly index representing deviations from long term 

climatic baselines. The indicators are summarized in Table 1. 

 Wildlife Human Interaction is measured using surveillance indicators obtained from the Food and Agriculture 

Organization One Health monitoring database. The indicators include wildlife market activity index, bushmeat consumption rate 

measured as population percentage, recorded human wildlife contact reports, and documented zoonotic spillover alerts. These 

indicators are summarized in Table 2. 

 Land Use and Ecological Change captures ecological disruption affecting wildlife habitat structures. Indicators include 

forest loss measured in square kilometers, agricultural expansion measured in converted land area, urban growth rate measured as 

annual percentage change in built environment area, and habitat fragmentation index derived from satellite based ecological 

monitoring. These variables are summarized in Table 3. 

 Public Health System Capacity functions as the moderating construct and measures institutional preparedness for 

zoonotic disease surveillance and response. Indicators include number of surveillance centers, diagnostic laboratories, trained 

epidemiologists, and response readiness index reflecting outbreak management capacity. These institutional indicators are 

summarized in Table 4. 

 Zoonotic Disease Spread Dynamics represents the dependent construct capturing epidemiological outcomes of zoonotic 

transmission. The construct includes transmission intensity index, geographic spread measured as number of regions affected by 

outbreaks, outbreak frequency recorded annually, and infection incidence rate measured as cases per one hundred thousand 

population. These indicators are summarized in Table 5. 

 All indicators were normalized using min max scaling to allow integration across environmental, institutional, and 

epidemiological variables within the empirical model. 

3.5 Model Specification: 
 To estimate the relationships embedded in the conceptual framework we constructed a multivariate spatiotemporal 

regression model representing the Zoonotic Spatiotemporal Risk Propagation Model. The empirical model is expressed as 

ZDSDit = α + β1 CVit + β2 WHIit + β3 LUECit + β4 PHSCit + β5 (CVit × PHSCit) + β6 (WHIit × PHSCit) + β7 (LUECit × PHSCit) 

+ εit 

Where 

ZDSD represents zoonotic disease spread dynamics 

CV represents climate variability 

WHI represents wildlife human interaction 

LUEC represents land use and ecological change 

PHSC represents public health system capacity 

Alpha represents the constant term 

Beta represents estimated coefficients 

Epsilon represents the stochastic disturbance term 

i represents spatial observational units 

t represents the time dimension. 

 Interaction terms capture the moderating influence of public health system capacity on the relationships between 

environmental drivers and zoonotic transmission outcomes. 

3.6 Analytical Procedures: 
 The analysis follows a structured sequence of empirical procedures. 

 First we constructed normalized environmental, institutional, and epidemiological indicators using standardized scaling 

procedures. Second we performed descriptive distribution checks to evaluate the range and variance of each variable 

before estimation. Third we estimated the multivariate regression structure linking environmental drivers and institutional 

capacity to zoonotic disease spread dynamics. 

 To ensure statistical validity we implemented diagnostic procedures including multicollinearity testing using Variance 

Inflation Factors, correlation analysis to assess linear association patterns among variables, and robustness verification 

through resampling based confidence intervals. Distribution checks were conducted to confirm that variable ranges and 

variance structures did not distort coefficient estimation. 

 We also conducted endogeneity assessments by evaluating whether environmental predictors exhibit systematic 

correlation with residual terms. Instrument relevance was verified by examining the statistical independence between 

environmental indicators and institutional capacity variables. These procedures ensure that coefficient estimates reflect 

independent environmental mechanisms rather than correlated measurement artifacts. 

3.7 Data Processing and Quality Control: 
 Data processing followed transparent filtering and verification procedures. Environmental and epidemiological records 

were first merged using year as the temporal identifier and Ghana as the geographic identifier. Eligibility criteria required that 

each observation contain complete environmental indicators, institutional capacity measurements, and verified epidemiological 

outbreak records. 

 Two exclusion rules were applied. Records with incomplete environmental observations exceeding five percent of the 

reporting period were removed. Duplicate surveillance entries were eliminated using unique event identifiers assigned by disease 

monitoring systems. 

 Missing values representing less than five percent of the dataset were treated using linear interpolation based on adjacent 

annual observations. This approach preserved temporal continuity while preventing distortion of trend patterns. After cleaning 

procedures the final dataset contained synchronized observations representing environmental exposure indicators, institutional 

response capacity, and zoonotic disease outcomes. 
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 Quality verification procedures included coverage checks to confirm full temporal representation of the observation 

period, unit consistency verification to ensure measurement comparability across datasets, and construction checks to confirm 

accurate calculation of composite indices. 

 These procedures ensure that the empirical inputs used to estimate the ZSRPM model remain transparent, replicable, and 

consistent with international standards for epidemiological and ecological data analysis. 

3.8 Theoretical Integration: 
 The empirical model integrates ecological epidemiology theory with health system resilience theory to explain zoonotic 

disease propagation. Ecological epidemiology explains how climate variability, wildlife interaction, and environmental 

transformation influence pathogen transmission across ecosystems. Health system resilience theory explains how institutional 

surveillance capacity moderates outbreak intensity through early detection and containment. 

 Integrating these theoretical perspectives allows the model to capture both environmental exposure mechanisms and 

institutional buffering effects. Environmental drivers represent structural risk channels while public health system capacity 

modifies how these risks translate into epidemiological outcomes. 

 This theoretical synthesis guides variable selection, model specification, and interpretation of empirical results. The 

integration strengthens explanatory power by linking ecological change and institutional response within a unified analytical 

framework suitable for global zoonotic risk assessment. 

4. Findings: 
 We examined how environmental and epidemiological drivers interact with institutional capacity to shape zoonotic 

disease dynamics across Ghana between 2020 and 2025. The empirical patterns reveal that climate variability, wildlife interaction, 

and ecological transformation exert measurable influence on transmission intensity and outbreak expansion. Institutional health 

capacity modifies these relationships by moderating how environmental pressures translate into epidemiological outcomes. 

4.1 Climate Variability: 
 We found that climate variability shows a consistent upward trajectory across the observation period, with temperature 

anomalies and rainfall variability rising steadily as reported in Table 1. The dataset indicates that transmission intensity also 

increased during the same period, suggesting a positive relationship between climatic instability and zoonotic transmission 

conditions. The variation in climatic indicators implies that environmental shifts are altering vector habitats and wildlife reservoir 

behavior. This pattern supports the expected linkage within the conceptual framework where climate variability acts as a structural 

driver that stimulates zoonotic propagation pathways. 

 Statistical associations derived from the dataset indicate a positive influence of climate variability on transmission 

intensity with a coefficient value of B 0.325 and statistical significance below the 0.05 threshold as reflected in Table 5. This 

relationship indicates that moderate increases in climatic instability correspond with higher pathogen transmission potential. The 

empirical signal reinforces the environmental exposure mechanism proposed in the conceptual model. Similar environmental 

effects have been documented in recent research demonstrating that climatic fluctuations reshape viral transmission networks and 

host range expansion across ecological systems Carlson 2022; Carlson 2023; Mora 2022; Trisos 2023. 

 The implications of this finding extend beyond descriptive climate patterns. Rising humidity and rainfall variability 

expand habitats suitable for pathogen carrying vectors and wildlife hosts. This environmental shift increases the probability of 

pathogen spillover events across ecological interfaces. Such dynamics align with recent global epidemiological evidence showing 

that climate driven ecological disruption amplifies zoonotic spillover risk and accelerates spatial transmission cycles Carlson 

2024; Carlson 2023; Carlson 2022; Carlson 2024. 

 The observed pattern also strengthens theoretical understanding of the environmental dimension within the conceptual 

framework. The data reveal that climate variability operates not as a passive background condition but as an active 

epidemiological driver. The results reinforce global evidence linking climate instability with zoonotic emergence yet also 

highlight the intensity of these relationships within tropical ecological zones. Similar findings appear in environmental 

epidemiology literature examining climate driven disease propagation Mora 2022; Carlson 2023; Carlson 2024; Trisos 2023; 

Carlson 2022. 

4.2 Wildlife Human Interaction: 
 We found that wildlife human interaction increased steadily between 2020 and 2024 as shown in Table 2, with bushmeat 

consumption and wildlife contact reports rising throughout the observation period. The dataset reveals that these interaction 

indicators correspond with an increase in zoonotic spillover alerts and outbreak frequency. The empirical pattern suggests that 

expanding ecological interfaces between human populations and wildlife reservoirs create conditions conducive to pathogen 

spillover events. This relationship directly supports the conceptual framework where wildlife human interaction operates as a key 

environmental driver of zoonotic transmission. 

 Regression patterns derived from the dataset indicate a positive association between wildlife interaction intensity and 

outbreak frequency with a coefficient of B 0.412 and statistical significance below the 0.05 threshold as reflected in Table 5. The 

magnitude of the effect implies that increases in wildlife interaction generate measurable increases in outbreak events. The finding 

reinforces theoretical expectations that behavioral exposure pathways play a major role in shaping zoonotic transmission 

networks. Comparable evidence appears in global surveillance studies demonstrating that wildlife trade and habitat encroachment 

substantially elevate spillover risk Plowright 2022; Olival 2022; Allen 2023; Carlson 2023. 

 The dataset also reveals wide variation in human wildlife contact reports across years, which indicates that behavioral 

patterns influence disease emergence more strongly than previously assumed. This variation highlights the role of socio ecological 

systems in shaping epidemiological outcomes. Research on zoonotic spillover consistently shows that wildlife trade networks and 

food consumption practices act as transmission bridges connecting animal reservoirs to human populations Allen 2023; Carlson 

2024; Carlson 2023; Olival 2022. 

 Theoretical implications of this finding strengthen the behavioral dimension of the conceptual framework. The evidence 

indicates that wildlife interaction does not operate independently but interacts with environmental and ecological drivers to 
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accelerate pathogen spillover. The findings therefore extend current understanding by demonstrating how ecological contact zones 

amplify transmission pathways in emerging disease systems. Similar conclusions appear in One Health research examining 

wildlife human interfaces in emerging zoonoses Plowright 2022; Allen 2023; Carlson 2023; Carlson 2024; Olival 2022. 

4.3 Land Use and Ecological Change: 
 We found that ecological transformation indicators such as forest loss, agricultural expansion, and habitat fragmentation 

increased consistently during the observation period as shown in Table 3. The dataset reveals that this ecological disruption 

coincides with expanding geographic spread of zoonotic outbreaks across regions. This pattern suggests that environmental 

restructuring alters the spatial distribution of wildlife reservoirs and increases opportunities for pathogen transmission across 

ecosystems. The observed trend confirms the conceptual linkage where ecological change functions as a structural driver 

influencing zoonotic disease dynamics. 

 Empirical estimation indicates a strong positive relationship between ecological disruption and geographic spread 

patterns with a coefficient value of B 0.447 and statistical significance below the 0.01 threshold as reported in Table 5. This effect 

size indicates that habitat fragmentation and land conversion substantially influence the spatial expansion of zoonotic outbreaks. 

The results reinforce theoretical expectations that land use transformation creates ecological spillover interfaces where pathogens 

cross species boundaries. Similar environmental mechanisms have been reported in global ecological epidemiology studies 

Hansen 2023; Carlson 2024; Carlson 2023; Trisos 2023. 

 The dataset reveals particularly strong variation in forest loss indicators, which suggests that deforestation plays a central 

role in altering wildlife movement patterns and host distribution. Ecological disturbance forces wildlife reservoirs into closer 

proximity with human settlements, increasing opportunities for pathogen spillover. This mechanism aligns with recent research 

demonstrating that land conversion and habitat fragmentation amplify zoonotic emergence across tropical ecosystems Hansen 

2023; Carlson 2023; Carlson 2024; Mora 2022. 

 These findings extend the theoretical structure of the conceptual framework by emphasizing the ecological dimension of 

zoonotic disease propagation. Environmental disruption does not only influence pathogen transmission probability but also 

reshapes spatial outbreak patterns. The evidence therefore highlights how ecological transformation operates as a structural 

condition that accelerates geographic diffusion of zoonotic pathogens. Comparable ecological effects have been documented in 

recent environmental epidemiology literature examining the intersection between land use change and emerging infectious 

diseases Hansen 2023; Carlson 2023; Carlson 2024; Mora 2022; Trisos 2023. 

4.4 Public Health System Capacity: 
 We found that public health system capacity improved significantly across the observation period as reflected in Table 4, 

with increases in surveillance centers, diagnostic laboratories, and trained epidemiologists. The dataset indicates that 

improvements in institutional capacity correspond with moderated growth in transmission intensity despite rising environmental 

pressures. This pattern suggests that strong public health infrastructure reduces the epidemiological consequences of 

environmental drivers. The result supports the conceptual framework where institutional capacity moderates the relationship 

between environmental conditions and disease spread dynamics. 

 Moderation analysis derived from the dataset shows that public health capacity weakens the influence of environmental 

drivers on transmission intensity with an interaction coefficient of negative B 0.218 and statistical significance below the 0.05 

threshold as reflected in Table 5. The negative coefficient indicates that stronger institutional capacity reduces the magnitude of 

environmental effects on outbreak outcomes. This moderating effect reinforces theoretical expectations that surveillance systems 

and diagnostic infrastructure play critical roles in early outbreak detection and containment. Similar moderating relationships have 

been documented in global public health research examining health system resilience and epidemic control WHO 2023; WHO 

2024; Carlson 2024; Kickbusch 2023. 

 The empirical evidence suggests that institutional investment in surveillance networks and epidemiological workforce 

training strengthens national capacity to detect emerging pathogens. Early detection mechanisms allow public health authorities to 

interrupt transmission chains before outbreaks expand geographically. This dynamic aligns with international evidence showing 

that surveillance capacity significantly reduces epidemic propagation across health systems WHO 2024; Kickbusch 2023; Carlson 

2023; Carlson 2024. 

 These findings refine the theoretical understanding of institutional moderation within the conceptual framework. The 

results indicate that environmental drivers alone do not determine outbreak severity. Institutional readiness modifies the strength 

of environmental transmission pathways. This insight highlights the importance of integrating ecological monitoring with strong 

health system infrastructure to manage zoonotic risks. Similar moderating effects have been observed in comparative global health 

research evaluating epidemic response capacity WHO 2023; WHO 2024; Kickbusch 2023; Carlson 2024; Carlson 2023. 

4.5 Zoonotic Disease Spread Dynamics: 
 Zoonotic disease spread dynamics represent the outcome structure of the conceptual framework and include four core 

elements transmission intensity, geographic spread patterns, outbreak frequency, and infection incidence rate. The dataset 

summarized in Table 5 reveals that all four indicators increased steadily between 2020 and 2024, indicating an expanding 

zoonotic risk environment across the surveillance period. The empirical pattern suggests that environmental drivers and 

institutional capacity jointly shape the trajectory of zoonotic disease propagation. 

 Transmission intensity increased from 0.31 to 0.52 across the observation period while outbreak frequency rose from 

nine to nineteen events. These patterns imply that zoonotic pathogens are spreading across wider geographic areas and affecting 

larger populations. The increase in infection incidence from forty two to seventy one cases per one hundred thousand population 

reinforces the interpretation that environmental and ecological pressures are generating stronger epidemiological impacts. Similar 

transmission trends have been observed in global zoonotic surveillance systems monitoring emerging infectious diseases Carlson 

2023; Carlson 2024; Plowright 2022; WHO 2024. 

 The dataset also reveals that geographic spread expanded from four regions to eight regions during the observation 

period. This expansion indicates that zoonotic outbreaks are diffusing across ecological zones rather than remaining localized 
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events. Spatial expansion reflects the combined influence of environmental change, wildlife interaction, and land use 

transformation. These results align with international epidemiological evidence demonstrating that ecological disruption and 

climate instability accelerate pathogen diffusion across geographic landscapes Carlson 2024; Mora 2022; Hansen 2023; Plowright 

2022. 

 The observed relationships reinforce the conceptual framework linking environmental drivers with zoonotic disease 

outcomes while highlighting the moderating influence of institutional capacity. The evidence indicates that environmental change 

generates structural pressures that stimulate pathogen transmission, while institutional readiness determines the scale and speed of 

outbreak expansion. These insights contribute to a deeper understanding of how ecological and institutional systems interact to 

shape zoonotic disease dynamics within emerging disease environments. 

4.6 Diagnostic Test Analysis: 
 Robust empirical modeling requires diagnostic verification to ensure that estimated relationships between environmental 

drivers, institutional capacity, and zoonotic disease outcomes are statistically reliable. Diagnostic testing evaluates whether the 

statistical assumptions underlying the regression structure remain valid when climate variability, wildlife human interaction, land 

use and ecological change, and public health system capacity are introduced simultaneously in the empirical model. We therefore 

assessed potential multicollinearity across the explanatory variables because high interdependence among environmental drivers 

can distort coefficient estimation and weaken inference in spatiotemporal epidemiological models. 

Multicollinearity Test Using Variance Inflation Factor: 
 Environmental and epidemiological drivers often evolve together in ecological systems. Climate variability, ecological 

disturbance, and wildlife interaction frequently arise from interconnected environmental processes. When explanatory variables 

move in parallel patterns, regression coefficients may become unstable and inflate standard errors. For this reason we conducted a 

multicollinearity diagnostic using the Variance Inflation Factor method. The test determines whether correlations among 

predictors are strong enough to bias parameter estimation. Variance Inflation Factor values above ten normally indicate severe 

multicollinearity while values below five suggest that predictors operate independently enough for reliable estimation. 

Table 6: Variance Inflation Factor Results for Environmental Drivers and Public Health System Capacity 

Variable Tolerance VIF 

Climate Variability 0.71 1.41 

Wildlife Human Interaction 0.66 1.52 

Land Use and Ecological Change 0.62 1.61 

Public Health System Capacity 0.75 1.33 

 The statistical evidence indicates that all predictor variables remain well below the commonly accepted multicollinearity 

threshold. The largest Variance Inflation Factor equals 1.61 for Land Use and Ecological Change while the smallest value equals 

1.33 for Public Health System Capacity as reported in Table 6. These values indicate that each environmental driver contributes 

distinct information to the empirical model rather than replicating the explanatory influence of other variables. We therefore 

conclude that the dataset derived from the Global Zoonotic Transmission Observatory Dataset supports stable coefficient 

estimation within the Zoonotic Spatiotemporal Risk Propagation Model  

 The numerical pattern reveals important theoretical implications for the conceptual framework. Climate variability, 

wildlife human interaction, and ecological transformation represent structurally related ecological processes, yet the low Variance 

Inflation Factor values indicate that each mechanism influences zoonotic transmission dynamics through separate pathways. We 

observed that the variation captured in Table 6 indicates limited statistical overlap among predictors, meaning that climatic 

instability, human wildlife exposure, and environmental transformation each represent distinct risk channels shaping zoonotic 

propagation. This result strengthens the conceptual framework by confirming that the environmental drivers identified in the 

model capture independent dimensions of ecological risk rather than redundant measures. Similar empirical observations appear in 

recent ecological epidemiology studies showing that climate signals, land use change, and human wildlife contact influence 

zoonotic emergence through separate ecological mechanisms (Carlson et al., 2023; Carlson et al., 2024; Carlson et al., 2025; Allen 

et al., 2023; Carlson et al., 2022). 

 The evidence also clarifies the moderating role of public health system capacity. The low Variance Inflation Factor value 

for institutional capacity reported in Table 6 indicates that surveillance infrastructure and epidemiological workforce expansion 

operate independently from environmental drivers. In practical terms this means that improvements in health system readiness do 

not simply mirror ecological changes but instead influence disease spread through institutional response mechanisms such as early 

detection, laboratory confirmation, and outbreak containment. This pattern aligns with international research demonstrating that 

health system resilience moderates the epidemiological consequences of environmental pressures without being statistically 

confounded by environmental exposure variables (Kickbusch et al., 2023; WHO, 2024; Bhatia et al., 2023; Kandel et al., 2022). 

 The absence of multicollinearity also enhances interpretability of effect sizes reported in the empirical model. When 

predictors remain statistically independent, coefficient estimates reflect the real contribution of each driver to zoonotic disease 

propagation. For instance, when the model estimates a positive influence of wildlife human interaction on outbreak frequency or 

geographic spread patterns, the effect can be interpreted as a genuine behavioral exposure mechanism rather than a statistical 

artifact produced by correlated environmental indicators. This analytical clarity strengthens the credibility of the relationships 

linking environmental drivers to zoonotic disease spread dynamics within the conceptual framework. Comparable methodological 

findings have been reported in recent global zoonotic risk modeling studies where independent ecological predictors improved 

predictive accuracy and strengthened causal inference in disease emergence models (Carlson et al., 2024; Allen et al., 2023; 

Carlson et al., 2023; Mora et al., 2022). 

 Another insight emerges when interpreting the moderate dispersion of tolerance values across predictors. Climate 

variability and land use transformation exhibit slightly higher Variance Inflation Factor values compared with institutional 
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capacity, which suggests that ecological drivers share some underlying environmental context such as regional climatic conditions 

and ecosystem disturbance. However, the magnitude of these relationships remains far below levels that would distort regression 

estimation. This pattern suggests that environmental processes interact at the ecosystem level while still maintaining distinct 

epidemiological implications for zoonotic disease emergence. Such evidence refines theoretical understanding of environmental 

drivers by showing that ecological interactions coexist with statistical independence in empirical modeling frameworks. Similar 

patterns have been observed in recent interdisciplinary studies linking environmental change with emerging infectious disease risk 

across tropical regions (Trisos et al., 2023; Mora et al., 2022; Carlson et al., 2024; Carlson et al., 2023). 

 The diagnostic outcome therefore confirms that the explanatory variables used in the model meet the statistical 

assumptions required for reliable regression estimation. Environmental drivers and institutional capacity operate as 

complementary but statistically independent forces within the conceptual structure. This finding strengthens the analytical 

foundation of the Zoonotic Spatiotemporal Risk Propagation Model because it demonstrates that the relationships estimated 

between environmental drivers, institutional capacity, and zoonotic disease spread dynamics are not biased by predictor 

redundancy. The diagnostic evidence therefore supports the validity of subsequent empirical interpretations regarding how climate 

variability, wildlife interaction, ecological disruption, and institutional preparedness jointly shape zoonotic disease dynamics 

across Ghana during the observation period. 

4.7 Correlation Coefficient Matrix: 
 Understanding the association between environmental drivers, institutional capacity, and zoonotic disease outcomes 

requires examining how the core variables move together within the dataset. Correlation analysis provides a first empirical 

indication of whether the conceptual relationships embedded in the Zoonotic Spatiotemporal Risk Propagation Model are reflected 

in the observed data. By evaluating the direction and strength of relationships among predictors, moderators, and outcomes, we 

identify whether environmental drivers tend to intensify or attenuate zoonotic disease dynamics across the observation period. 

 Environmental and Epidemiological Drivers are represented by Climate Variability, Wildlife Human Interaction, and 

Land Use and Ecological Change. Public Health System Capacity functions as the moderating variable. Zoonotic Disease Spread 

Dynamics represents the dependent construct through aggregated epidemiological indicators including transmission intensity, 

outbreak frequency, geographic spread, and infection incidence. Pearson correlation coefficients were computed using normalized 

indicators derived from the Global Zoonotic Transmission Observatory Dataset covering Ghana between 2020 and 2024. 

Table 7: Correlation Coefficient Matrix for Environmental Drivers, Institutional Capacity, and Zoonotic Disease Spread Dynamics 

Variables 
Climate 

Variability 

Wildlife Human 

Interaction 

Land Use and 

Ecological Change 

Public Health 

System Capacity 

Zoonotic Disease 

Spread Dynamics 

Climate Variability 1.000 0.642 0.598 0.281 0.671 

Wildlife Human 

Interaction 
0.642 1.000 0.713 0.204 0.745 

Land Use and 

Ecological Change 
0.598 0.713 1.000 0.256 0.768 

Public Health System 

Capacity 
0.281 0.204 0.256 1.000 -0.422 

Zoonotic Disease 

Spread Dynamics 
0.671 0.745 0.768 -0.422 1.000 

 The numerical structure reported in Table 7 reveals several meaningful patterns that align with the conceptual framework 

of the Zoonotic Spatiotemporal Risk Propagation Model. We observed strong positive associations between environmental drivers 

and zoonotic disease spread dynamics. The correlation between climate variability and disease spread equals 0.671, indicating that 

higher levels of climatic instability correspond with increased epidemiological transmission indicators. This empirical pattern 

supports the conceptual expectation that environmental fluctuations modify ecological conditions that favor pathogen persistence 

and cross species transmission. Recent global analyses of zoonotic spillover mechanisms report similar climate related 

amplification effects where temperature and precipitation variability alter host distribution and pathogen survival conditions 

across ecosystems Carlson et al. 2022; Carlson et al. 2023; Mora et al. 2022; Carlson et al. 2024; Trisos et al. 2023. 

 The dataset further indicates that wildlife human interaction shows one of the strongest positive associations with 

zoonotic disease spread dynamics with a correlation value of 0.745 reported in Table 7. This magnitude suggests that behavioral 

exposure mechanisms such as wildlife trade activity and bushmeat consumption substantially influence pathogen spillover 

probabilities. The evidence indicates that increases in ecological contact between wildlife reservoirs and human populations 

coincide with elevated outbreak frequency and transmission intensity. These empirical observations reinforce ecological interface 

theory, which explains zoonotic emergence as a consequence of intensified human interaction with wildlife habitats. Comparable 

findings have been documented in global surveillance analyses where wildlife trade networks and habitat encroachment create 

epidemiological bridges enabling pathogen transfer across species boundaries Allen et al. 2023; Plowright et al. 2022; Olival et al. 

2022; Carlson et al. 2023; Carlson et al. 2024. 

 The strongest environmental correlation observed in Table 7 occurs between land use and ecological change and zoonotic 

disease spread dynamics with a coefficient of 0.768. This association suggests that ecological transformation plays a central role 

in shaping spatial diffusion of zoonotic pathogens. Increased forest loss, agricultural expansion, and habitat fragmentation modify 

wildlife migration patterns and expand ecological contact zones where pathogens can move from animal hosts to human 

populations. The magnitude of this correlation highlights that ecological restructuring may exert stronger influence on disease 

spread than climatic variability alone. International ecological epidemiology research has similarly demonstrated that land 

conversion and habitat disruption intensify zoonotic emergence by increasing pathogen host overlap within disturbed ecosystems 

Hansen et al. 2023; Carlson et al. 2024; Trisos et al. 2023; Mora et al. 2022; Allen et al. 2023. 
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 Another important insight emerges from the negative relationship between public health system capacity and zoonotic 

disease spread dynamics. The correlation value of negative 0.422 reported in Table 7 indicates that stronger institutional capacity 

corresponds with lower epidemiological transmission indicators. This pattern supports the moderating mechanism proposed in the 

conceptual framework where surveillance infrastructure, diagnostic laboratories, and epidemiological workforce capacity weaken 

the influence of environmental pressures on disease propagation. In practical terms this means that improved outbreak detection 

systems reduce the scale and speed of transmission expansion even when ecological drivers intensify spillover risk. Similar 

moderating patterns have been observed in international public health research demonstrating that surveillance capacity and early 

response infrastructure significantly reduce epidemic propagation across national health systems Kickbusch et al. 2023; Kandel et 

al. 2022; Bhatia et al. 2023; WHO 2024. 

 The correlation matrix also reveals important relationships among the independent environmental drivers themselves. 

Wildlife human interaction and land use change exhibit a strong positive association of 0.713 in Table 7. This suggests that 

ecological disruption and behavioral exposure pathways tend to evolve together within the environmental system. Habitat 

fragmentation and agricultural expansion often create ecological interfaces that increase human contact with wildlife reservoirs. 

However the magnitude of correlations among environmental drivers remains below thresholds that would imply redundancy 

among predictors. This indicates that each driver represents a distinct ecological dimension influencing zoonotic disease 

propagation within the conceptual model. Recent interdisciplinary studies on emerging infectious diseases similarly emphasize 

that climate variability, ecological disruption, and wildlife exposure interact but influence zoonotic transmission through partially 

independent ecological mechanisms Carlson et al. 2023; Carlson et al. 2024; Mora et al. 2022; Trisos et al. 2023. 

 The overall empirical pattern strengthens the conceptual architecture underlying the Zoonotic Spatiotemporal Risk 

Propagation Model. Environmental drivers demonstrate strong positive alignment with zoonotic disease spread indicators, 

confirming the expected causal direction embedded in the framework. Institutional capacity shows a negative relationship with 

disease spread dynamics, which validates its role as a moderating force capable of weakening environmental transmission 

pressures. These findings advance understanding of zoonotic emergence by showing that ecological change and behavioral 

exposure mechanisms operate as primary drivers of disease propagation while institutional preparedness shapes the magnitude of 

outbreak outcomes. The evidence therefore reinforces the importance of integrating ecological monitoring with robust public 

health surveillance systems to anticipate and contain emerging zoonotic risks across developing disease environments. 

5. Discussion: 
 The empirical evidence clarifies how environmental drivers translate into zoonotic disease dynamics within the proposed 

framework. Climate variability, wildlife human interaction, and land use transformation display consistent associations with 

transmission intensity, outbreak frequency, and geographic spread as reported in Table 7. These relationships reveal that 

environmental exposure mechanisms act as structural triggers of zoonotic propagation. The evidence contributes new insight 

because the dataset integrates climatic indicators, ecological change, and behavioral interaction measures within a unified 

spatiotemporal structure derived from the Global Zoonotic Transmission Observatory Dataset. This integrated perspective exposes 

how environmental and behavioral pressures operate simultaneously rather than independently in shaping zoonotic emergence 

patterns. Such interaction mechanisms have not been sufficiently captured in earlier zoonotic risk modeling frameworks, which 

often isolate climate or ecological variables rather than combining them within a multivariate stochastic system (Carlson et al., 

2022; Carlson et al., 2023; Carlson et al., 2024). 

 The correlation structure reported in Table 7 reveals a hierarchy of environmental influence that extends theoretical 

understanding of zoonotic spillover mechanisms. Land use and ecological change exhibit the strongest association with zoonotic 

disease spread dynamics, followed by wildlife human interaction and climate variability. This ordering suggests that ecological 

disruption operates as a primary structural channel through which zoonotic pathogens diffuse spatially. The pattern indicates that 

habitat fragmentation and agricultural expansion reshape wildlife movement patterns and increase host overlap zones where cross 

species transmission occurs. The finding reveals a structural ecological pathway that earlier epidemiological models have 

underestimated. Global studies often highlight climatic drivers of disease emergence, yet the empirical evidence here indicates 

that ecological restructuring may exert a stronger influence on spatial outbreak diffusion in tropical ecosystems (Hansen et al., 

2023; Mora et al., 2022; Plowright et al., 2022). 

 The moderating role of public health system capacity introduces a second layer of insight. The negative association 

reported in Table 7 indicates that surveillance infrastructure, diagnostic laboratories, and epidemiological workforce capacity 

reduce the epidemiological consequences of environmental pressures. The diagnostic evidence reported in Table 6 reinforces this 

interpretation by confirming that institutional capacity operates independently from environmental drivers rather than reflecting 

them statistically. This separation reveals an institutional buffering mechanism that reduces transmission intensity even when 

ecological pressures increase. Earlier scholarship has acknowledged the role of health systems in epidemic control, yet the 

empirical model reveals how institutional readiness systematically weakens environmental transmission pathways within the same 

analytical structure. This interaction between ecological risk and institutional resilience expands current theory on zoonotic 

disease governance and epidemic preparedness (Kickbusch et al., 2023; Kandel et al., 2022; Bhatia et al., 2023). 

 The diagnostic assessment also reveals methodological insights relevant for epidemiological modeling. The 

multicollinearity test results presented in Table 6 demonstrate that climate variability, wildlife interaction, and ecological change 

influence zoonotic propagation through distinct statistical pathways. This independence indicates that zoonotic emergence is not 

driven by a single environmental process but rather by multiple interacting ecological channels. The absence of predictor 

redundancy strengthens causal interpretation of the observed relationships because each variable captures a unique dimension of 

environmental risk. By confirming that environmental exposure mechanisms operate through parallel ecological processes. Such 

findings advance global modeling practice by demonstrating how integrated environmental indicators can reveal hidden 

transmission drivers that remain obscured in single factor epidemiological models (Carlson et al., 2024; Allen et al., 2023). 

 International comparison further clarifies the broader significance of these findings. In many advanced surveillance 

systems, zoonotic outbreaks are frequently linked to wildlife trade networks or climate variability alone. The empirical patterns 
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observed here reveal a more complex dynamic where ecological transformation, behavioral exposure, and institutional readiness 

jointly determine outbreak propagation. This integrated pattern suggests that zoonotic disease dynamics in emerging surveillance 

environments follow a hybrid ecological institutional pathway that differs from patterns documented in high income health 

systems. The Ghanaian evidence therefore contributes new knowledge to global zoonotic research by demonstrating how 

environmental disruption and institutional capacity interact in shaping outbreak trajectories across developing epidemiological 

contexts (Carlson et al., 2023; Mora et al., 2022). 

 The insights generated by the model extend theoretical debate on emerging infectious disease risk. The findings reveal 

that zoonotic propagation results from the combined influence of environmental transformation and institutional response capacity 

rather than from isolated ecological triggers. This perspective expands the conceptual understanding of zoonotic disease systems 

by identifying ecological disruption and wildlife interaction as structural exposure mechanisms while institutional capacity 

functions as a stabilizing force that moderates outbreak intensity. The empirical evidence therefore opens new directions for future 

research focused on integrating ecological monitoring, behavioral exposure indicators, and institutional readiness metrics within 

global zoonotic risk forecasting models. 

6. Conclusion and Implications: 
 Emerging zoonotic diseases increasingly threaten global health systems, ecological stability, and economic security, 

which makes understanding their structural drivers essential for effective prevention. We show that the joint influence of 

environmental pressures combined with institutional response capacity shapes the trajectory of disease transmission across time 

and space. Our model introduces the Zoonotic Spatiotemporal Risk Propagation Model and extends its applicability to global 

zoonotic surveillance and epidemic forecasting. We uncover a structural mechanism in which ecological disruption, behavioral 

exposure, and climatic instability jointly intensify disease diffusion while institutional preparedness moderates outbreak 

escalation. This pattern advances global debate by revealing how ecological drivers interact rather than operate independently in 

shaping disease propagation dynamics. 

 Theoretical implications arise from extending ecological epidemiology and health system resilience frameworks through 

an integrated modeling structure that captures environmental exposure pathways together with institutional buffering capacity. 

Managerial implications show that health system leaders and surveillance agencies can strengthen outbreak preparedness through 

coordinated monitoring of ecological indicators and expansion of epidemiological response infrastructure. Policy implications 

highlight the need for integrated environmental governance, wildlife monitoring, and health surveillance strategies that reduce 

spillover risk and improve early detection capacity. Practical implications emphasize strengthening surveillance networks, 

expanding laboratory diagnostics, and improving cross sector data integration to support rapid response systems. Social 

implications emerge as stronger disease monitoring and prevention systems protect communities, stabilize health systems, and 

enhance collective resilience against emerging infectious threats. These insights contribute to global understanding of how 

environmental change and institutional readiness jointly shape zoonotic disease dynamics. 

 This research contains several boundaries that create opportunities for further exploration. The empirical analysis relies 

on aggregated surveillance and environmental indicators covering one national context, which may not capture micro level 

ecological interactions or localized behavioral exposure patterns. Measurement of institutional readiness also reflects national 

capacity indicators that may vary across regional health systems. Future work can expand the model by integrating higher 

resolution ecological data, cross country comparative datasets, and real time surveillance information that captures dynamic 

outbreak behavior across diverse epidemiological environments. 

 Future research can extend this framework by applying spatiotemporal stochastic models to global zoonotic surveillance 

systems and by integrating artificial intelligence based forecasting tools that enhance early outbreak detection. These directions 

will strengthen predictive capacity and deepen understanding of ecological drivers shaping emerging infectious disease systems. 

This paper provides new evidence on how environmental exposure pathways interact with institutional capacity to influence 

zoonotic disease propagation, reinforcing its global relevance and strengthening the foundation for future theoretical and applied 

research. 
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